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Abstract
Background: The genetic mechanisms that underlie phenotypic differentiation in breeding animals have important
implications in evolutionary biology and agriculture. However, the contribution of cis-regulatory variants to pig phenotypes is poorly understood. Therefore, our aim was to elucidate the molecular mechanisms by which non-coding
variants cause phenotypic differences in pigs by combining evolutionary biology analyses and functional genomics.
Results: We obtained a high-resolution phased chromosome-scale reference genome with a contig N50 of 18.03 Mb
for the Luchuan pig breed (a representative eastern breed) and profiled potential selective sweeps in eastern and
western pigs by resequencing the genomes of 234 pigs. Multi-tissue transcriptome and chromatin accessibility analyses of these regions suggest that tissue-specific selection pressure is mediated by promoters and distal cis-regulatory
elements. Promoter variants that are associated with increased expression of the lysozyme (LYZ) gene in the small
intestine might enhance the immunity of the gastrointestinal tract and roughage tolerance in pigs. In skeletal muscle,
an enhancer-modulating single-nucleotide polymorphism that is associated with up-regulation of the expression of
the troponin C1, slow skeletal and cardiac type (TNNC1) gene might increase the proportion of slow muscle fibers and
affect meat quality.
Conclusions: Our work sheds light on the molecular mechanisms by which non-coding variants shape phenotypic
differences in pigs and provides valuable resources and novel perspectives to dissect the role of gene regulatory
evolution in animal domestication and breeding.

†

Yuwen Liu, Yang Fu, Yalan Yang and Guoqiang Yi contributed equally to this
work
*Correspondence: liuyuwen@caas.cn; tangzhonglin@caas.cn

1

Shenzhen Branch, Guangdong Laboratory for Lingnan Modern Agriculture,
Key Laboratory of Livestock and Poultry Multi‑Omics of MARA, Agricultural
Genomics Institute at Shenzhen, Chinese Academy of Agricultural Sciences,
518124 Shenzhen, China
Full list of author information is available at the end of the article

Background
Throughout domestication, inbreeding and intensive artificial selection have resulted in considerable genetic and
phenotypic diversity among breeds of domestic animals
that offer ideal models to understand the influence of
genotypic variations on phenotypes. Therefore, research
on domesticated animals is crucial to improve economic
traits and provide unique insights into the genetic basis
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of complex traits shared by humans and animals [1].
Comparative genomics and population-resequencing
analyses have been performed to identify regions and
genes under selection in domestic species [2–11]. However, many of the detected selective sweeps either do not
contain functional coding DNA variants or are located
outside the coding regions, which suggests that noncoding regulatory DNA variants play prominent roles in
driving phenotypic diversity [12–16]. While mutations
in the coding regions of a gene exert pleiotropic effects
on many tissues, mutations in cis-regulatory elements
may affect gene expression in a spatio-temporal manner
[17]. Accordingly, these regulatory variants are permissible and possibly contribute to morphological evolution
and phenotypic differentiation. Nevertheless, functional
annotation of the non-coding genome in large animals,
particularly livestock, is lacking, which limits our efforts
to identify causal non-coding DNA variants that cause
phenotypic differences [18].
The pig (Sus scrofa) is an important livestock species for food supply and an ideal model for biomedical
research. Geographical divergence, local adaptation, and
artificial selection have resulted in large phenotypic differences between eastern (Asia) and western (Europe
and America) pigs [19–21]. Compared with western pigs,
eastern pigs generally have a slower growth rate, higher
fat content, better meat quality, earlier maturity, higher
fecundity, greater adaptability to high roughage diets, and
stronger resistance to disease [20, 21]. However, the contributions of cis-regulatory variants to phenotypic differences in pigs are poorly understood. In the present study,
our aim was to elucidate the molecular mechanisms
that are responsible for the large phenotypic differences
between pig breeds by using a strategy based on integrative evolutionary biology and functional genomics.
First, we applied long-read sequencing (Pacbio), short
paired-end reads (Illumina), Hi-C, and optical map
(BioNano) technologies to generate a highly contiguous, chromosome-scale phased assembly of the genome
of the Luchuan breed, which is a representative eastern
pig breed. Following practices that substantially improve
genome assemblies for humans, goats, and gorillas
[22–24], this approach provides the first phased genome
assembly with chromosome-scale contiguity for pigs.
Furthermore, we present the first multi-tissue landscape
of cis-regulatory genetic variations that underlie phenotypic differentiation and provide insights on the genetic
background of several important traits of pigs. The novel
Luchuan genome assembly, population resequencing
data, and multi-tissue expression and chromatin accessibility profiling data are valuable resources to facilitate the
study of pig domestication and breeding.
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Methods
Sample collection

A male Luchuan boar was obtained from the Institute of
Animal Science of Guangxi province, China, for genome
assembly. Genomic DNA was extracted from a blood
sample. To improve genome annotation, RNA from 14
tissues (heart, lung, subcutaneous adipose, kidney, liver,
cerebrum, spleen, stomach, biceps muscle of the thigh,
longissimus dorsi muscle, testis, ovary, large intestine,
small intestine) at four developmental stages (days 0, 14,
50 and adult pigs) from four Luchuan individuals were
equally pooled together. However, due to the technical
difficulty of collecting some samples, samples were not
available for the four developmental time-points for all
tissues. The total number of tissue by time-point combinations was 37.
To analyze differentially-expressed genes between the
Luchuan and Duroc breeds, ten tissues were collected
from adult Luchuan and Duroc pigs (90–120 kg body
weight) for RNA-seq, including skeletal muscle (longissimus dorsi muscle), subcutaneous adipose, cerebellum,
cerebrum, heart, liver, lung, pancreas, small intestine,
and stomach. Five of these tissues (cerebellum, cerebrum,
skeletal muscle, small intestine, liver) were subjected to
ATAC-seq experiments. Three individuals from each
breed were sampled as biological replicates for RNA-seq
and two for ATAC-seq, except for pancreas tissue. Tissue samples were manually dissected and then rapidly
frozen in liquid nitrogen. The Luchuan and Duroc pigs
were raised in the same environment on our pig farm
and were sacrificed at a commercial slaughterhouse. All
animal procedures were performed according to protocols approved by the Biological Studies Animal Care
and Use Committee in Guangdong Province, China, and
guidelines for the Care and Use of Experimental Animals established by the Ministry of Agriculture and Rural
Affairs of China.
Preparation of next‑generation sequencing libraries
for genome assembly

In order to generate a chromosome-scale assembly,
four genome libraries were constructed and sequenced
according to the manufacturers’ instructions: (i) wholegenome sequencing (WGS) on the PacBio Sequel platform (20-kb library with SMARTer PCR cDNA Synthesis
kit); (ii) Hi-C chromosome conformation captured reads
sequencing by Phase Genomics [25] (Hi-C library were
prepared with Phase Genomics Proximo Hi-C kit (Animal)); (iii) short reads paired-end sequencing (150-bp
paired-end library construction with the Next Ultra DNA
library prep kit) by the Illumina NovaSeq 6000 platform;
(iv) BioNano optical map data (Nt.BspQI, Nb.BssSI, and
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DLE-1 enzymes, the library was prepared with the Bionano Prep DLS Labeling kit).
To annotate the Luchuan transcripts, two strandspecific RNA-seq libraries with an insert size of 350 bp
were prepared using the NEBNext® UltraTMDirectional
RNA Library Prep Kit for Illumina® (NEB, USA) and
sequenced on an Illumina NovaSeq 6000 platform, to
generate 150-bp paired-end reads (Berry Genomics Co.,
Ltd., Tianjin, China). A PacBio full-length cDNA library
was constructed following the manual of the DNA Template Prep kit (Pacific Biosciences, USA) and sequenced
on the Pacific Bioscience RS II sequencer (BerryGenomics, Co., Ltd., Beijing, China).
Genome assembly with Pacbio data and Hi‑C data

The primary contigs were assembled with the Falcon software packages (v2.0.5) followed by FALCON-Unzip and Arrow (v2.2.2) polishing, and then a
Hi-C-based contig phasing was processed by FALCONPhase to create phased, diploid contigs. The Phase
Genomics’ Proximo Hi-C genome scaffolding platform
was used to create chromosome-scale scaffolds from the
draft assembly using a method similar to that described
by Bickhart et al. [24]. Following diploid chromosomal
scaffolding using the Proximo pipeline, scaffolds were
examined with the Juicebox tool (v1.8.8) [26] to correct
small errors in chromosome assignment or contig ordering and orientation to improve scaffold quality. After a
draft set of scaffolds was generated, FALCON-Phase was
run again for Hi-C-based scaffold phasing. Finally, the
Pilon (v1.22) software was used to correct errors introduced into the assembly as a result of errors in the long
reads [27]. The commands that we used are listed in
Additional file 1.
Correction, ordering, and orientation of the initial
assemblies by Bionano

High-molecular-weight DNA was extracted from blood
samples using the Bionano Prep Blood DNA Isolation
Protocol and digested with Nt.BspQI, Nb.BssSInickase,
and DLE-1, respectively. After labeling and staining,
DNA was loaded onto the Saphyr chip for sequencing. For each of the three enzyme libraries, respectively
453 Gb, 345 Gb, and 618 Gb of data were collected and
converted into a BNX file by the AutoDetect software
to obtain basic labeling and DNA length information.
The filtered raw DNA molecules in BNX format were
aligned, clustered, and assembled into the BNG map
using the Bionano Solve pipeline. Two-enzyme (Nt.
BspQI and Nb.BssSI) hybrid scaffolding was first processed to produce initial hybrid scaffolds, followed by
the second round of hybrid scaffolding with a genome
map of the DEL-1 enzyme. Finally, given that a relatively
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good reference of the Y chromosome was available for
the Duroc breed (Sscrofa11.1), a reference-assisted scaffolding strategy was used to obtain chromosome-level
pseudomolecules of the Y chromosome with the Chromosomer software (v0.1.4a) [28]. Quality control of the
integrity of the assembly was performed by using the
independent BUSCO v3 benchmark [29, 30], which specifically assesses the integrity of genic regions.
Detection of presence–absence variations
between the Luchuan and Duroc genomes and of repeats

Presence-absence variations (PAV) between the genomes
of Luchuan and Duroc pigs were detected by scanPAV
with default parameters [31, 32]. Short PAV (≤ 1kb) were
filtered as recommended by scanPAV. Tandem repetitive sequences were identified using the Tandem Repeats
Finder (version 4.07) software. The interspersed repeat
contents of the Luchuan pig genome were identified using
de novo repeat identification and known repeat searching
against existing databases. RepeatModeler (version 1.0.8)
was used to predict repeat sequences in the genome.
RepeatMasker (version 4.0.7) was then used to search the
Luchuan pig genome against the de novo transposable
element (TE) library [33]. The homology-based approach
involved the use of commonly used databases of known
repetitive sequences, and the RepeatMasker (version
4.0.7) software and Repbase database (version 21) were
used to identify TE in the assembled genome.
Gene prediction and annotation

Identification of protein-coding regions and gene prediction was conducted by a combination of homology-based
prediction, de novo prediction, and transcriptomebased prediction methods (for details [see Additional
file 1]). Functional annotation of protein-coding genes
was achieved using BLASTP (E-value 1e−05) against
two integrated protein sequence databases: SwissProt
and TrEMBL. Protein domains were annotated by using
InterProScan (V5.30). The Gene Ontology (GO) terms
for each gene were extracted with InterProScan. Pathways in which the genes might be involved were assigned
by BLAST against the KEGG databases (release 59.3),
with an E-value cutoff of 1e−05.
Prediction of non‑coding RNA annotations based
on the Luchuan genome assembly

The tRNA genes were predicted by tRNAscan-SE (version 1.3.1), while rRNA fragments were predicted by
alignment to human template rRNA sequences using
BlastN (version 2.2.26) at an E-value of 1e-5. The miRNA
and snRNA genes were identified by searching against
the Rfam database (release 12.0) using INFERNAL (version 1.1.1). Long non-coding RNAs (LncRNAs) and
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circular RNAs were predicted by methods described previously [20, 34, 35].

ANNOVAR package (v2013-06-21) [43, 44] (for details
[see Additional file 1]).

Identification of gene families

Evaluation of SNP depletion in coding sequence regions

Orthologous gene sets in the Luchuan and Duroc pig,
cattle, goat, dog, mouse, and human genomes were used
for genome comparisons. BLASTP was applied to all protein sequences using a database containing protein data
for these seven genomes, and the TreeFam methodology
[36] was used to define a gene family and resulted in single-copy orthologous gene families for these mammalian
species.
Construction of a phylogenetic tree and estimation
of divergence time among mammalian species

The single-copy gene families described above were used
to construct a phylogenetic tree for the Luchuan pig
and the other mammalian genomes. Four-fold degenerate sites were extracted from each family and concatenated to form one supergene for each species. The
GTR + gamma substitution model was selected, and
PhyML v3.0 [37] was used to reconstruct the phylogenetic tree. The divergence time among Luchuan and
Duroc pigs, cattle, goats, dogs, mice, and humans were
estimated using the MCMCtree program (version 4.4), as
implemented in the Phylogenetic Analysis of Maximum
Likelihood package, with an independent rates clock
and HKY85 nucleotide substitution model. The calibration times were derived from the TimeTree database [38].
Changes in gene family size along the phylogenetic tree
were analyzed by CAFE (v2.1) [39].
Library preparation for population‑based resequencing
and SNP calling

Genomic DNA from the ear tissues of 16 Luchuan pigs,
18 Tongcheng pigs, and 38 Large White pigs was subjected to WGS at a coverage of at least 35X (see Additional file 2: Table S1 and Additional file 1). In addition,
we downloaded the genome sequencing data of 157 western and eastern pigs with a sequencing depth of at least
10X from NCBI (see Additional file 2: Tables S2 and S3).
The total downloaded data reached 8.56 Tb with an average depth of 21.14X (genome size calculated according to
2.50 G) (see Additional file 2: Tables S2 and S3) [20, 21,
40, 41].
The high-quality paired-end reads were mapped to
the Duroc (Sscrofa11.1) reference genome using BWA
(v0.7.12) [42]. The GATK (Genome Analysis Toolkit,
v3.7-0-gcfedb67) software was used to call single nucleotide polymorphisms (SNPs). Gene-based SNP annotation was performed according to the gene annotation
file Sscrofa11.1.94 for the Duroc genome using the

The number of SNPs in coding sequence (CDS) regions
was recorded as Osnp. To determine whether SNPs are
significantly depleted in CDS regions, we performed
1000 rounds of simulation to mimic the random distribution of SNPs in CDS regions. For each round of the
simulations, we sampled genomic intervals from the
pig genome (susScr11) excluding repeats annotated by
"RepeatMasker" to match the number and length of the
set of merged CDS regions and counted the number of
SNPs that overlapped with these intervals, recorded as
Ssnp. The P-value for testing whether SNPs are significantly depleted in CDS regions was determined by the
proportion of Ssnp being smaller than Osnp.
Phylogenetic and population genetic analyses

To analyze the population structure, we screened a subset
of bi-allelic and high-quality SNPs with a call rate ≥ 90%
and a minor allele frequency (MAF) ≥ 5%. A neighborjoining (NJ) tree was constructed using the TreeBeST
(v1.92) program with 200 bootstrap replicates [45]. The
tree was displayed using MEGA [46]. To infer population
structure, we used the ADMIXTURE (v1.3.0) software
[47], which implements a block-relaxation algorithm. We
filtered SNPs by testing Hardy–Weinberg equilibrium
violations (P > 10−4) and reconstructed the model-based
clustering analysis. We also performed a principal component analysis (PCA) using the program GTAC (v1.92)
[48] (for details [see Additional file 1]).
Linkage disequilibrium analysis

To estimate and compare the pattern of linkage disequilibrium (LD) of domesticated breeds, the squared correlation coefficient 
(r2) values between any two SNPs
within 300-kb intervals were computed by using the
Haploview (v4.269) software [49]. We produced an LD
decay plot that shows the average r2 values in 100-bp
bins against the physical distance of pairwise bins. To get
reliable results, wild boars (Chinese wild boars [CWB],
Korean wild boars [KWB]) and Korean black pigs [KBP],
a breed with an uncertain genetic background and that is
mixed with western lineages according to the admixture
results, were excluded from the LD analysis and from the
subsequent selective sweep analyses.
Analysis of selective sweeps

We used multiple methods to detect regions and genes
under selection. For a genomic locus, the selection is
expected to increase genetic differentiation (FST) between
populations and to reduce nucleotide diversity (θπ) in
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the population in which the selective sweep occurs. SNPs
with a MAF lower than 5% were removed from this analysis. Estimates of θπ and F
 ST of eastern and western pig
populations were calculated using the VCFtools (v0.1.13)
package [50] with a 50-kb sliding window and a step size
of 10 kb. Windows that contained less than 10 SNPs were
excluded from further analysis [51]. Windows that were
both in the top 10% of FST values and in the 5% left or
right tails of the empirical ratio (θπ eastern/θπ western)
regions were identified as regions under selection in eastern and western pigs. In addition, to avoid missing fixed
signatures of selection that have both small θπ values in
each population and high between-population FST, windows that were both in the bottom 5% of θπ in each population and in the top 10% of F
 ST were also considered as
regions under selection. We combined all these regions
into a set of putative regions under selection. The figure
was drawn using RectChr (Version 1.24) [52]. GO enrichment analysis of genes under selection was implemented
with the GOseq R package [53]. GO terms with corrected P-values < 0.05 were considered to be significantly
enriched.
Enrichment analysis of genes under potential selection
in pig QTL/GWAS regions

Phenotype-associated loci derived from the pigQTLdb
(updated on April 26th, 2021) [54, 55] were partitioned
into quantitative trait loci (QTL) and genome-wide association study (GWAS) signals. We collected all the genes
within the full length of QTL regions and within 2-Mb
genomic regions centered at the midpoints of GWAS
signals [56–58], respectively. Then, we used a hypergeometric test to determine whether the genes associated
with a trait in the QTL/GWAS analysis were enriched in
regions under potential selection (for details [see Additional file 1]).
mRNA, lncRNA, and alternative splicing analysis
of RNA‑seq

Fifty-seven strand-specific RNA-seq libraries with an
insert size of 350 bp were prepared using total RNA
from 10 tissues (skeletal muscle, subcutaneous adipose,
cerebellum, cerebrum, heart, liver, lung, pancreas, small
intestine, and stomach) of Duroc and Luchuan pigs
according to the manufacturer’s instructions (Illumina,
SanDiego, CA). The libraries were sequenced on an Illumina HiSeq 4000 platform to generate 150-bp paired-end
reads (Novogene Co., Ltd., Tianjin, China). Details of
these analyses are in Additional file 1.
Western blot

Proteins were extracted from small intestine tissue using
the T-PER™ Tissue Protein Extraction Reagent (Thermo
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Scientific™, USA) and protease inhibitor tablet (Roche,
USA). The total protein concentration was quantified
using the BCA protein assay kit (Invitrogen), and a western blot was performed to check the protein level of the
porcine lysozyme (LYZ) gene (for details [see Additional
file 1]).
ATAC‑seq analysis

ATAC-seq libraries were prepared as previously
described [59] (for details [see Additional file 1]). The
final library was size-selected for products of 200–600 bp
using AMPure XP beads and was subjected to pair-end
sequencing (PE150) on a Novaseq6000 platform. The
ATAC-seq data were processed as previously described
[60, 61], with two biological replicates for each tissue (for
details [see Additional file 1]). We performed an analysis of motifs by using the Fimo (v4.12.0) software [62] to
detect enriched DNA binding motifs of transcription factors in the ATAC-seq peaks.
To explore the enrichment pattern of differential
ATAC-seq peaks, we first converted these regions to
hg38 coordinates, using the LiftOver tool [63] with the
parameter "minMatch = 0.1", and then performed enrichment analysis using the Genomic Regions Enrichment of
Annotations Tool (GREAT) [64, 65].
Analysis of genomic enrichment in regions under selection

To evaluate the enrichment of differentially expressed
protein-coding genes (DEG) promoters in regions under
selection for the 10 tissues examined, we set promoters of all protein-coding genes as a baseline group. We
excluded the repeats annotated by "RepeatMasker"
since they were also excluded when identifying regions
under selection. To avoid spurious enrichment by functional coding variants, we removed regions under selection that are within 50 kb of functional coding variants
between Luchuan and Duroc. We counted the observed
value (Obs) as the number of highly differential variants
between Luchuan and Duroc under selection that overlapped with promoter regions. Then, 1000 rounds of
simulations were performed to evaluate the enrichment
of promoters in regions under selection. For each round,
we sampled genomic intervals to match the number and
length of the set of promoters and recorded the number
of variants mentioned above that overlapped each set of
intervals as Sim for each simulation. We calculated Rand
as the average of Sim over 1000 simulations. Finally, the
fold of enrichment was calculated as Obs/Rand and its
significance P-value was determined as the proportion of
times that Sim ≥ Obs. A similar simulation strategy was
used to evaluate the enrichment of ATAC-seq peaks in
regions under selection, after removing ATAC-seq peaks
that overlapped with promoter regions.
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Luciferase reporter assays

RNA interference and overexpression

To generate luciferase reporter constructs for the
promoter of the LYZ gene, we cloned the promoters
(1101 bp upstream of the transcription start site (TSS))
of the Luchuan and Duroc LYZ gene, respectively, into
the pGL3-Basic (Promega, USA) vector between the
Xho I and Sac I sites by using the Homologous Recombination kit (Qingke, China). Cells isolated from the
small intestine were cultured at 37 °C with Dulbecco’s
modified Eagle’s medium/F-12 (Thermo Fisher), 10%
FBS (Gibco, USA), 1% penicillin/streptomycin (Gibco,
USA), and 5% CO2 and grown to 75 to 80% confluence
in 12-well plates; then the pGL3-Luchuan-LYZ-promoter, pGL3-Duroc-LYZ-promoter, pGL3-Duroc-LYZmodified-promoter, and pGL3-Basic (Promega, USA)
vectors were each co-transfected with the pRL-TK vector (Promega, USA). Cells were harvested after 24 h
and evaluated for luciferase activity using a dual-luciferase assay system (Promega, USA). Primer sequences
are in Additional file 2: Table S4.
To generate luciferase reporter constructs that contain potential enhancer elements, we first randomly
chose 10 skeletal muscle DEG using the sample() function without replacement in the R program and then
tested the associated ATAC-seq regions (differential
ATAC-seq peaks with highly differential variants in the
skeletal muscle between Luchuan and Duroc) within
1 Mb of these genes in luciferase experiments. For a
wide peak that included multiple highly differential variants, we tested a short DNA fragment in the luciferase
experiments by centering the variant closest to the
middle of the peak. These potential enhancer elements
were cloned into luciferase reporter vectors (see Additional file 2: Table S5) and tested for their enhancer
activity by dual luciferase experiments in C2C12 cells
(for details [see Additional file 1]).

The synthetic siRNAs were all obtained from Genepharma (Shanghai, China; [see Additional file 2:
Table S6]). The siRNAs knockdown and overexpression
of Tnnc1 were performed in mouse C2C12 cells and
the expression levels of Ho-1 and Ogg1 were measured.
The siRNAs that target NR2F2 and the NC-siRNA were
transfected into pig small intestine cells to measure the
expression levels of LYZ after NR2F2 knockdown. The
siRNAs that target the Tnnc1 and Sema3g genes, and
the NC-siRNA, pcDNA3.1-Tnnc1, pcDNA3.1-Sema3g,
and pcDNA3.1-Control were transfected into C2C12
cells to detect expression levels of Myh7, Myh2, Myh4,
and Myh1 in knockdown and overexpression experiments. To generate a Tnnc1 overexpression vector,
the 498-bp coding sequence region of the pig TNNC1
gene was amplified using forward and reverse primers
that contained BamH I and Xho I sites, respectively.
The PCR products were inserted into the pcDNA3.1
(+) vector (Invitrogen, China; [see Additional file 2:
Table S4]).

Phenotypic analysis of skeletal muscle

Slow versus fast fiber compositions of muscle were
obtained using the myofibrillar ATPase staining
method [66] and microscope counting (for details [see
Additional file 1]). Approximately 300 fibers per sample, which were free from tissue disruption and freeze
damage, were evaluated and classified into fiber types
based on MYHC1 and MYHC2b staining. The percentage of slow fibers was estimated as the ratio between
MYHC1 isoform fiber and the total number of fibers
counted. Microstructural changes of the skeletal muscle fibers in Landrace and Luchuan were evaluated by
electron microscopy using a Zeiss DSM 962 microscope (Inspect‐F; FEI, Hillsboro, Oregon, USA) (for
details [see Additional file 1]).

Quantitative real‑time polymerase chain reaction

Total RNA was extracted from small intestine pig cells
using the TRIzol reagent (Invitrogen, China), according
to the manufacturer’s instructions, and then reversetranscribed to complementary DNA using the HiScript
III 1st Strand cDNA Synthesis kit (Vazyme Biotech,
China). qRT-PCR was carried out using the SYBR Green
Master Mix (Vazyme Biotech, China) and the results
were analyzed using the 2△△CT method. Primer
sequences are listed in Additional file 2: Table S4.
AAV‑mediated in vivo knockdown of Tnnc1 in mice

Seven-week-old mice were obtained from the Huafukang company (Beijing, China). AAV9 serotypes of
siRNA-Tnnc1 and siRNA-NT (non-target control) were
produced and injected into mouse skeletal muscle. Fourteen days after injection, the tibialis anterior muscle was
collected from the mice and ATPase staining was carried out with the alkaline Staining kit (Solarbio, Beijing,
China) (for details [see Additional file 1]). The ATPase
activity was evaluated using the staining of the cross-sectional area of muscle fiber, with a greater depth of staining indicating a higher proportion of fast muscle fibers.
Statistical analysis for qPCR

The SPSS v20.0 (SPSS Inc, Chicago, Illinois) software was
used for statistical analysis. T-tests and analysis of variance were used to assess statistical significance. A value
of P < 0.05 was considered statistically significant. All
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experiments were repeated three times and all estimates
were expressed as mean + SEM.
Sequence and function conservation analysis
of cis‑regulatory elements

The differential ATAC-seq peaks between Luchuan and
Duroc were defined as pig differential cis-regulatory
elements (diffCREs). The software liftOver was used to
convert the diffCRE (extended by 500 bp at both ends
from the middle points, susScr11) to the human genome
(hg38) with the parameter "minMatch = 0.5" [63, 67].
The homologous human sequences were considered as
sequence conserved diffCREs. A diffCRE from a pig tissue was considered functionally conserved if its human
counterpart has DNase signals in the concordant human
tissue (ENCODE v5). To investigate the characteristics of
these functionally conserved sequences, we performed
a GO biological process analysis using the GREAT software [64, 65]. In addition, we performed a comparison
of GWAS signals by overlapping these functionally conserved homologous sequences with human GWAS signals (50 kb genomic regions centered at GWAS tag SNPs
to account for LD).

Results
De novo assembly of the Luchuan pig genome

We generated a highly-contiguous, chromosome-scale
phased assembly of the Luchuan pig by applying longread sequencing, short paired-end read sequencing,
Hi-C, and optical map technologies (see Additional file 2:
Table S7 and Additional file 3: Fig. S1). The 2.58 Gb primary haplotype-specific contig assembly had a contig
N50 of 18.03 Mb and a scaffold N50 of 140.09 Mb (see
Additional file 2: Table S8) and its quality was comparable to that of the Duroc genome and higher than those
of previously published pig genomes (Table 1) [20, 51,

68, 69]. The alternative haplotig assembly size was very
close to the primary assembly size, with a contig N50 of
17.77 Mb and a scaffold N50 of 140.08 Mb. The pseudochromosomes of the Luchuan pig presented high collinearity with the Sscrofa11.1 reference genome, providing
further evidence supporting the quality of our genome
assembly (see Additional file 3: Fig. S2). By comparison,
approximately 51.51 Mb of the Luchuan assembly was
absent in the Sscrofa11.1 reference. The lengths of most
of the sequence differences between the Luchuan and
Duroc assemblies were shorter than 10 kb (see Additional file 2: Table S9). Two hundred and eighty-nine predicted protein-coding genes were located in these regions
and their functions were mainly related to collagen alpha
chain-like and spidroin-2-like functions (see Additional
file 2: Table S10). This new genome assembly provides a
valuable resource to the pig genetics community for studies on allele-specific gene expression, epigenetic regulation, genome structure, and evolution.
We constructed a phylogenetic tree for the Luchuan
and Duroc pig genomes and five other mammalian
genomes (cattle, goats, dogs, humans, and mice). The
Luchuan assembly showed substantially fewer events of
gene family expansion than the Duroc reference genome
(63 vs. 433) and more events of gene family contraction (560 vs. 161) than the genome of the most recent
common ancestor of the Luchuan and Duroc breeds
(see Additional file 3: Fig. S3). GO enrichment analysis revealed that the expanded genes in the Luchuan pig
were closely related to responses to oxidative stress and
biotic stimuli, which may reflect that the Luchuan breed
has been under selective pressure to adapt to free-range
environments. The contracted genes in the Luchuan
pig genome were significantly enriched (P < 0.05) in GO
terms for olfactory receptor activity, sensory perception
of taste, and blood coagulation (see Additional file 2:

Table 1 Comparison of genomic features between whole genome assemblies of the Luchuan breed and other pigs
Luchuan

Duroc [105]a

Tibetan wild [51]

Wuzhishan [69]

Bama [68]

Sequenced genome size (Gb)

2.58

2.50

2.43

2.64

2.49

Contig N50 (Mb)

18.03

41.89

0.0207

0.0235

1.01

Scaffold N50 (Mb)

140.09

138.97

1.06

5.43

140.44

Percentage of anchoring and ordering

96.1%

97.34%

–

–

97.49%

Predicted PCG

22,710

22,452

21,806

20,326

21,334

Repeat proportion (%)

40.16

40.55

39.47

38.20

37.32

Complete BUSCOs (%)

95.1

96.0

93.1

95.2

93.9

a

Statistic of the Duroc pig genome was based on Sscrofa11.1 (Ensembl release-95)

Percentage of anchoring and ordering: the percentage of assembled final assembly was assigned to the 20 pig pseudo-chromosomes (18 autosomes and X/Y
chromosome)
PCG: protein-coding genes
The numbers in brackets represent references
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Table S11). This finding is consistent with a previous
study that reported that the genome of the Duroc breed
contains more olfactory-related genes compared to the
Luchuan breed and that this breed may display a better response to a wider range of food than the Luchuan
breed [51].
Population structure and selective sweep analyses
of eastern and western pigs

We collected 234 individuals from 26 breeds (11.99 Tb
resequencing data, with an average of 20.50X coverage
[ranging from 17.58X to 45.69X]) to identify putative
positive signatures of selection in the genomes of domesticated pigs (Fig. 1a) and (see Additional file 2: Tables
S1 to 3). The sequencing data were aligned to the Duroc
reference genome and 26.64 × 106 SNPs were identified
across the genome. These high-quality SNPs were mostly
located in intergenic (60.3%) and intronic (37.0%) regions
and were rarely located in coding sequences (0.6%) (see
Additional file 2: Table S12). The significant depletion of
SNPs in coding regions (P < 0.001) (see Additional file 2:
Table S12) indicates that these regions have been under
strong purifying selection. In addition, 3.74 × 106 indels

a

were identified, of which 4238 (0.1%) were located in
exonic regions and may exert a large impact on protein
structure.
The population structure of the 234 pigs was characterized using NJ phylogenetic reconstruction, STRUCTU
RE, and PCA (Fig. 1bc and [see Additional file 3: Fig. S4
and Additional file 2: Table S13]). Based on the results of
these analyses, all western and eastern pigs (except for
KBP) were divided into two clades. The KBP clade was
relatively closer to the western pig clade (Fig. 1b) and
had more western than eastern pig lineages (K = 2, 3, and
4 in the Admixture analysis, see Fig. 1c), which may be
the result of modern breeding practices. In general, our
analysis of population structure provided further evidence for the independent domestication of western and
eastern pigs [21, 70]. The number of SNPs and indels was
larger in eastern pigs (22.87 × 106 and 3.23 × 106, respectively) than in western pigs (16.40 × 106 and 2.52 × 106,
respectively).
Nucleotide diversity and LD were calculated for eastern and western pigs using the 25.08 × 106 autosomal
SNPs. Eastern pigs had higher polymorphism levels
(median [θπ, eastern/θπ, western] = 1.47) and LD decay levels

b
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Fig. 1 Genetic divergence of 234 eastern and western pigs. a Geographical distribution of the pigs used in our study. BAMEI: Bamei; BER: Berkshire;
BMX: Bamaxiang; CWB: Chinese wild boar; DUR: Duroc; EHL: Erhualian; GST: Tibetan (Gansu); HAM: Hampshire; HTDE: Hetao; JH: Jinhua; KBP: Korean
black pig; KWB: Korean wild boar; LD: Landrace; LUC: Luchuan; LW: Large White; LWH: Laiwu; MEI: Meishan; MIN: Min; PTL: Pietrain; RC: Rongchang;
SCT: Tibetan (Sichuan); TC: Tongcheng; TT: Tibetan (Tibet); WZS: Wuzhishan; YM: Yucatan Miniature; YNT: Tibetan (Yunnan). b A neighbor-joining tree
constructed using SNP data. c Genetic structure of 234 pigs. The number of ancestral populations (K) was predefined from 2 to 9
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(see Additional file 3: Fig. S5) than western pigs, which
suggests that eastern pigs had a larger effective population size than western pigs. Potential selected regions
in eastern and western pigs were identified by calculating FST and θπ (Fig. 2a, see Methods for details). In total,
regions covering 135.4 Mb (accounting for 5.4% of the pig
genome with 1797 genes) with strong selective sweep signals were identified in western pigs, compared to 56.8 Mb
(accounting for 2.3% of the pig genome with 1026 genes)
in eastern pigs (see Additional file 2: Tables S14, 15). This
difference suggests that natural or artificial selection has
been stronger in western pigs than in eastern pigs.
Genes under potential selection are enriched in
QTL regions for several important economic traits
in the pig based on PigQTLdb, which are relevant to
meat production, meat quality, disease resistance,
and reproduction. Similar enrichment patterns were
observed for the pig GWAS dataset (PigQTLdb) [54,
55] (Fig. 2b) and (see Additional file 3: Fig. S6 and
Additional file 2: Table S16). These enrichment patterns provide clues for linking genetic divergence with
phenotypic improvement. Genomic regions associated
with QTL and selective sweeps are large and contain

a

c

multiple genes. We used GWAS signals and highly
differential (delta allele frequency [deltaAF] ≥ 0.9)
functional coding variations to identify candidate
causal genes in these regions (see Additional file 2:
Table S17a). For example, immunity-related GWAS
and QTL signals were found to be associated with the
CYP19A1 gene [71, 72], which is under potential selection in eastern and western pigs possibly through a
highly differential missense mutation (chr1:120549953)
(Fig. 2c). The CYP19A1 gene encodes aromatase, an
enzyme that functions in estrogen biosynthesis. A previous study indicated that estrogen is responsible for
modulating the immune response [73]. The MARCH1
gene is also under potential selection in eastern and
western pigs, possibly through a frameshift mutation
(chr8:52387385) (Fig. 2c), and has been associated
with growth rate in GWAS and QTL studies [74, 75].
Knockout of MARCH1 leads to excessive weight gain
and visceral adiposity by regulating lipid metabolism
and glucose tolerance [76]. The CASP8 gene affects
the risk of obesity and diabetes in mice by regulating whole-body glucose metabolism [77]. Selection
of CASP8 in western pigs might be caused by the

b

d

e

Fig. 2 Genes under potential selection in pigs. a The distribution of fixation index ( FST), nucleotide diversity (θπ), and putative regions under
selection (Blue for Duroc and Orange for Luchuan) on the 18 pig autosomes. b Enrichment pattern of putative genes under selection in QTL regions
that are associated with several important economic traits. Red represents genes located in regions under selection of eastern pigs while blue
represents those of western pigs. * represents FDR < 0.05. ** represents FDR < 0.01. c The coding haplotypes of three candidate causal genes with
highly differential functional coding variants across eastern and western pigs. d Annotations of highly differential variants under potential selection.
e The proportion of genes under potential selection with different types of highly differential variants
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presence of two highly differential missense mutations
in this gene (chr15:104938018 and chr15:104944628)
(Fig. 2c). The CASP8 gene has been associated with
back fat and muscle fiber in QTL studies but not in
GWAS [78, 79].
Unlike GWAS in human populations, current pig
GWAS are rare (444 GWAS were collected in the
pigQTLdb) and are based on small sample sizes [75,
80, 81]. This lack of power was exacerbated when we
focused on the highly differential variants between
eastern and western pigs. Pig GWAS have usually been
performed in a population of western or eastern pigs.
Thus, variants that are nearly fixed in either population lack statistical power to be detected in GWAS.
To avoid these lack-of-power issues, we focused on
functional annotations and experimental follow-ups to
fine-map potential causal variants or genes.
In our previous analyses, annotating coding variants facilitated the interpretation of signatures of
selection. However, in regions under potential selection, 99.5% of the SNPs or indels were located outside
exons, which suggests an important but little-explored
role of cis-regulatory variants in driving selection
(Fig. 2d). Consistently, only 4.5% of the genes under
potential selection had functional coding variants that
differed substantially between eastern and western
pigs (Fig. 2e). The remaining genes were either in LD
with nearby causal genes or were subject to selection
of regulatory mutations that modulate their expression levels. Among these genes, 13.3% had highly differential promoter variants and may have been subject
to non-coding selection forces that act on their promoters (Fig. 2e). Furthermore, 94 genes under selection showed highly differential missense coding and
promoter variants. We speculate that some of these
genes represent a successive accumulation of beneficial coding and regulatory variants during natural and
artificial selection. Notably, only a few protein-truncating variants (PTV) (frameshift and stop gain) were
under potential selection, which suggests that protein
inactivation is not a major player in pig domestication (Fig. 2e), consistent with previous studies in the
domestication of chickens and rabbits [4, 11].
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Roles of LYZ promoter variants in increased
gastrointestinal immunity and roughage tolerance

Interpreting selection on non-coding variants is challenging because of insufficient functional annotations.
To understand the mechanisms by which non-coding
variants cause phenotypic differentiation between
eastern and western pigs, we explored the biological
functions of such variants in the Luchuan and Duroc
breeds. To ensure the reliability of regions under selection, we filtered for highly differential alleles between
these two breeds (DeltaAF ≥ 0.9) and prioritized genes
with GWAS signals relevant to pig economic traits
(see Additional file 2: Table S17b). Exploration of the
genes in these refined regions under selection revealed
the lysozyme (LYZ) gene, with 28 highly differential
DNA variants in its promoter region (chr5:33611592–
33613593, Fig. 3a, and [see Additional file 2:
Table S18]). Lysozyme breaks the bonds in the peptidoglycan layer of the outer membrane of bacterial cell
walls. It protects cells against bacterial pathogens and
regulates interactions between the gut microbiota and
host immune systems [82, 83]. In the digestive system,
lysozyme releases plant fermentation-derived nutrients from within the bacteria [84, 85]. Genetic differentiation analysis revealed different haplotypes in LYZ
between the Luchuan and Duroc breeds (Fig. 3a). The
LYZ gene (θπ, Luchuan = 1.65E−04) was at the bottom 5%
of the θπ regions in Luchuan pigs. In the small intestine, the mRNA and protein expression levels of LYZ
were significantly higher in Luchuan than Duroc pigs
(Fig. 3bc). Luciferase reporter assays revealed that the
Luchuan LYZ promoter up-regulates the expression of
the reporter gene in pig small intestine cells (Fig. 3d).
The high activity of the LYZ promoter mainly resulted
from one indel (chr5:33612231–33612236) and two
adjacent SNPs (chr5:33612227 and chr5:33,612,228)
that were differentially fixed in Luchuan and Duroc
pigs. These variants created a transcription factor binding motif cognate to NR2F2 (motif score 9.9,
q-value 0.00249), a member of the steroid thyroid hormone superfamily of nuclear receptors. The NR2F2
protein regulates certain intestinal-specific genes
by binding to their promoters [86]. Knockdown of

(See figure on next page.)
Fig. 3 Differential promoter variants of the LYZ gene might contribute to high roughage digestibility and gastro-intestinal immunity in Luchuan.
a Haplotypes of LYZ promoter variants across all eastern and western pigs. b Comparing the expression level of LYZ between the Luchuan and
Duroc breeds by qPCR. c Comparing the protein level of LYZ between Luchuan and Duroc. d Luciferase reporter assays comparing the promoter
activity of promoter sequences from Luchuan (pGL3-Luchuan), from Duroc (pGL3-Duroc), and from Duroc modified with the Luchuan promoter
allele (one indel and two adjacent SNPs) (pGL3-Duroc-modified). e Comparing the expression level of LYZ before and after knockdown of NR2F2. f
Frequencies of the Luchuan promoter allele (two adjacent SNPs and one indel) across different pig breeds. DUR: Duroc pig; LW: Large White pig;
LD: Landrace pig; YM: Yucatan miniature pig; YNT: Tibetan pig (Yunnan); TC: Tongcheng pig; TT: Tibetan pig (Qinghai-Tibetan); HTDE: Hetaodaer
pig; SCT: Tibetan pig (Sichuan); WZS: Wuzhishan pig; BMX: Bamaxiang pig; EHL: Erhualian pig; LUC: Luchuan pig; LWH: Laiwu black pig; MIN: Min
pig (Shandong). g A model of how the genetic differentiation of the LYZ promoter might contribute to the adaption of Luchuan to a less clean
environment and plant-enriched roughage feeding. The sequence divergences between Luchuan and Duroc are shaded in light yellow
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NR2F2 significantly decreased the expression of LYZ
in pig small intestine cells (Fig. 3e). Furthermore, this
Luchuan allele showed a higher frequency in many
other eastern breeds compared to western breeds
(Fig. 3f ). Therefore, selection of the genetic variants

that result in higher LYZ promoter activity might
enhance intestinal anti-microbial activities and the
capacity of the Luchuan and many other eastern pig
breeds to digest coarse feed (Fig. 3g).
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Skeletal muscle cis‑regulatory elements enriched
for variants under potential selection

Genetic differentiation and potential selection of LYZ
promoter variants led us to further study the mechanisms by which non-coding genetic variants influence
phenotypic diversity. We performed RNA-seq analyses
in 10 tissues (skeletal muscle, subcutaneous adipose,
cerebellum, cerebrum, heart, liver, lung, pancreas, small
intestine, and stomach) of Luchuan and Duroc pigs and
identified DEG and lncRNAs between the two breeds
(Fig. 4a) and (see Additional file 2: Tables S19–22). The
functions of DEG in each tissue were closely associated with the phenotypes of the two breeds (see Additional file 3: Fig. S7). For example, in muscle, 1401 and
1266 genes were, respectively, up- and down-regulated
in Luchuan pigs compared to Duroc pigs (see Additional
file 3: Fig. S8a). The up-regulated genes were significantly
enriched in muscle contraction functions (see Additional file 3: Fig. S8b), while the down-regulated genes
were significantly enriched in cell cycle functions (see
Additional file 3: Fig. S8c). This differential expression
of genes could be the result of the differential promoter
activity that is caused by differential promoter variants
between Luchuan and Duroc pigs. After accounting for
highly differential functional coding variants (see Additional file 1), DEG promoters in the skeletal muscle were
most significantly enriched in the highly differential variants that were under potential selection (Fig. 4b) and
(see Additional file 2: Table S23). The muscle DEG with
highly differential promoter alleles included the VDR,
ACTC1, and SHOC2 genes, which have been associated
with intramuscular fat content, residual feed intake, and
weight gain, respectively [87–92]. Similar to the LYZ promoter alleles, these promoter alleles were highly differentially distributed in other eastern and western pig breeds
(see Additional file 3: Fig. S9]. In the other tissues, we
also identified differentially expressed genes that did not
have highly differential functional coding but promoter
variants under potential selection. These genes represent
potential selection targets of gene-proximal promoter
variants (see Additional file 2: Table S24).
To understand the potential selection of distal cis-regulatory elements, we performed ATAC-seq experiments
in five tissues (skeletal muscle, cerebellum, cerebrum,
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liver, and small intestine) of Luchuan and Duroc pigs
(Fig. 4a). Results showed open chromatin regions with
signal strengths that depended on enhancer activity (see
Additional file 2: Tables S25–27 and Additional file 3:
Fig. S10]. After accounting for highly differential functional coding variants and excluding promoters, the
open chromatin regions in the skeletal muscle, which
represent putative distal cis-regulatory elements, were
most significantly enriched for highly differential variants in potential regions under selection (Fig. 4c) and
(see Additional file 2: Table S28). One possible explanation is that economic traits in the pig that are relevant to
skeletal muscle development and growth, such as meat
production and quality, were subject to the strongest
selection, targeting cis-regulatory elements in a tissuespecific manner. Differential ATAC-seq peaks between
skeletal muscle of Luchuan and Duroc pigs were significantly enriched in muscle fiber development, which is
highly relevant for economic traits in the pig (see Additional file 2: Table S29). The enrichment of highly differential variants in differential ATAC-seq peaks [log2(fold
of enrichment) = 0.93, P < 0.001] was even higher than
in all ATAC-seq peaks in the skeletal muscle [log2(fold
of enrichment) = 0.64, P < 0.001] (see Additional file 2:
Table S28). Moreover, promoters associated with DEG
and differential ATAC-seq peaks showed the highest
enrichment signal in the skeletal muscle (Fig. 4b and 4c)
and (see Additional file 2: Tables S23 and S28).
In the differential open chromatin regions, highly differential SNPs or indels in Luchuan and Duroc pigs were
likely causal cis-regulatory DNA variants that drive differential gene expression. To identify such causal variants, we screened for differential open chromatin regions
that overlapped with selected regions within 1 Mb of
DEG in each tissue (see Additional file 2: Table S30).
Although DEG for the stomach tissue showed the highest proportion (28.3%) of highly differential promoter
alleles (Fig. 4d), skeletal muscle DEG revealed the highest
proportion (8.25%) of highly differential SNPs or indels
with distal differential chromatin accessibility (diffCA;
Fig. 4e). Thus, our analyses further suggest that selection for meat-relevant traits may more extensively target distal cis-regulatory variants in skeletal muscle than
in the other tissues. From the 808 skeletal muscle distal

(See figure on next page.)
Fig. 4 Integration of ATAC-seq and RNA-seq data to understand how cis-regulatory DNA variants might underlie pig phenotypic differentiation.
a Experimental design and sample collection for the RNA-seq and ATAC-seq analysis in Luchuan and Duroc pigs. b Enrichment of DNA variants
under potential selection in DEG promoters. The enrichment of promoters of all protein-coding genes was set as a baseline group. * Represents
a p-value < 0.05. c Enrichment of DNA variants under potential selection in ATAC-seq peaks with promoter regions excluded. * represents a
p-value < 0.05. ** Represents a p-value < 0.01. d Number of DEG with highly differential promoter variants. e Number of DEG with distal diffCA
having highly differential variants. f Luciferase reporter assays in C2C12 cells to evaluate the effect of highly differential DNA variants on enhancer
activity. The genes on the x-axis labeled in blue are more highly expressed in the skeletal muscle of Luchuan while those in orange are more highly
expressed in Duroc. ** represents a p-value < 0.01, * represents a p-value < 0.05
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diffCA regions with highly differential DNA variants (see
Additional file 2: Table S30), we randomly selected 10 to
test for enhancer activity using luciferase reporter assays
in C2C12 cells, of which nine showed significant differences in luciferase activity. Seven of these nine regions
displayed an enhancer activity, as well as an ATAC-seq
signal, and the level of expression of their potential target genes differed in the same direction (Fig. 4f ) and (see
Additional file 2: Table S5).
Contribution of the TNNC1‑enhancer variant to differences
in meat quality

One prominent example of a relationship between cisregulatory variations and phenotypic differentiation is
the TNNC1 gene, which displays a potential putative signature of selection among the bottom 5% of θπ genome
regions (θπ,Luchuan = 1.65E−04) and for which a GWAS
signal relevant to total fat content and back fat has been
detected in pig [54, 55, 93, 94]. Further evidence in favor
of its potential role in meat quality was provided by functional analysis. TNNC1 is a central regulatory protein
of striated muscle contraction and a core component
of slow-twitch muscle fiber [95–97]. The expression of
TNNC1 was higher in the muscle tissue of Luchuan than
of Duroc pigs (see Additional file 2: Table S20). Only one
putative cis-regulatory region was detected that is under
potential selection in both eastern and western pigs,
~ 87.6 kb from the TSS of TNNC1. The chromatin accessibility of this region was greater in the skeletal muscle
of Luchuan than of Duroc pigs (see Fig. 5a, false discovery rate (FDR) of 0.012). Interestingly, in this region
there was only one SNP (chr13:34681950) with highly
differentiated alleles between eastern and western pigs
and it had alternate fixed alleles in Luchuan and Duroc
pigs (Fig. 5b). The Luchuan allele of this SNP increased
the enhancer activity by ~ 25% (Fig. 4f ). Compared
with Duroc pigs, Luchuan pigs had a higher proportion
of slow-twitch muscles, denser capillary vessels, and

Page 14 of 22

stronger oxidative capacity (Fig. 5c) and (see Additional
file 3: Fig. S11). Manipulating the expression of Tnnc1
in vitro and in vivo suggested that troponin C1 regulated
the transition of slow/fast muscle fibers (Fig. 5d–g) and
(see Additional file 3: Fig. S12]. The stronger enhancer
activity of the Luchuan allele compared to the Duroc
allele results in a stronger CEBPA transcription factor
binding motif (motif scores were 6.0 [q-value 0.0008] and
2.9 [q-value 0.002] for Luchuan and Duroc pigs, respectively). In mouse muscle cells, induction of slow fibers by
overexpression of Myh3 induced the expression of Cebpa
[98]. In our study, the expression of Tnnc1 decreased after
in vitro knockdown of Cebpa in C2C12 cells (Fig. 5h).
Thus, CEBPA might act upstream of TNNC1 and the
potential selection of the regulatory allele that favors
CEBPA binding in Luchuan pigs is expected to up-regulate TNNC1 expression, which consequently increases
the proportion of slow muscle fibers. CEBPA expression
was higher in Luchuan than in Duroc pigs (see Additional
file 2: Table S20), which might confer a further selective
advantage to the Luchuan regulatory allele by reinforcing
its transcriptional stimulatory signal to further boost the
expression of TNNC1. Several meat quality traits, including red color appearance, high water-holding capacity, tenderness, and marbling are associated with a high
proportion of slow muscle fibers [99–101]. Furthermore,
reactive oxygen species metabolism has been found to be
associated with the meat quality of pork, beef, and broilers [102–104] and we found that Tnnc1 negatively regulates the expression of oxidative stress markers (Ho-1 and
Ogg1) in vitro (see Additional file 3: Fig. S13).
Although TNNC1 was the nearest DEG to the regulatory variant that alters the CEBPA-binding motif
(chr13:34681950), another nearby gene, SEMA3G
(96.3 kb away), was up-regulated in Luchuan pigs (see
Additional file 2: Table S20). Similar to Tnnc1, manipulating the expression of Sema3g in C2C12 cells affected
the expression of several fast/slow muscle markers (see

(See figure on next page.)
Fig. 5 Differential regulation of TNNC1 expression may result in differences in meat quality between eastern and western pigs. a Genome browser
view of the differential ATAC-seq peak near the TNNC1 promoter. b Haplotypes of the TNNC1 gene body and enhancer across all eastern and
western pigs. c Characteristics of the skeletal muscle in Luchuan and Duroc pigs. In the sub-panel of fiber density, structural differences in skeletal
muscle are revealed by the environmental scanning electron microscope. In the sub-panel of capillary density, scanning electron microscope
images of the muscle fiber bundle in Luchuan and Duroc pigs show the orientation and tortuosity of branching vessels at different hierarchies. In
the sub-panel of ATPase staining, black arrows exemplify the slow muscle fibers which are lightly stained due to lower ATPase activity, while red
arrows exemplify the fast muscle fibers which are heavily stained due to higher ATPase activity, magnification of ×40. d Expression of slow muscle
(Myh7) and fast muscle (Myh2, Myh4, and Myh1) markers after siRNA knockdown of Tnnc1 in C2C12 cells. e Measuring the same markers as d after
overexpression of Tnnc1 in C2C12 cells. f ATPase staining of mice skeletal muscle two weeks after in vivo injection of AAV-mediated non-target
control (NT siRNA) and Tnnc1 siRNA, respectively. g Barplots comparing the intensity of ATPase staining for samples under the same treatment as
in f. h Comparing the expression level of Tnnc1 before and after Cebpa knockdown in C2C12 cells. i A model of potential selection on a regulatory
mutation in one enhancer of the TNNC1 gene in the Luchuan pig. The Luchuan allele generates a stronger CEBPA transcription factor binding motif,
which increases the expression of TNNC1, resulting in a higher proportion of slow-twitch muscle and meat quality improvement, including better
color appearance, higher water-holding capacity, tenderness, and marbling (See Discussion for more details). The regulatory allele might be further
favored during selection by a higher expression of CEBPA in the Luchuan breed. The sequence divergence between the Luchuan and Duroc breeds
is shaded in light yellow
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Additional file 3: Fig. S14], indicating that SEMA3G
mediates the muscle-fiber transition effect of the regulatory variant (chr13:34681950). However, expression of
Sema3g was not affected by in vitro knockdown of Cebpa

(see Additional file 3: Fig. S14). In addition, we observed
the presence of an intronic SNP with significantly different alleles (chr13:34591944) between Luchuan and Duroc
pigs (Fig. 5b). However, this SNP did not exhibit diffCA
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and TNNC1 showed no differential isoform expression
in the skeletal muscle between the two breeds (see Additional file 2: Table S22). Thus, this intronic SNP is not
likely to have been under selection or to be involved in
meat quality. Taken together, our results suggest that differences in meat quality between eastern and western
pigs can be partly explained by differential selection on
a regulatory SNP that affects muscle fiber composition in
cis and this selection might be further favored by up-regulating an upstream transcription factor in trans (Fig. 5i).

Discussion
Eastern and western pigs have been subject to separate
domestication processes and exhibit phenotypic and
genomic differences [20, 69, 70]. Such differences provide
abundant resources to understand the influence of DNA
variants on phenotypes and offer tremendous opportunities to identify the genetic basis of complex traits and
diseases in the pig. In the current study, we assembled a
high-quality genome of the Chinese indigenous Luchuan
pig and identified 26.64 × 106 SNPs and 3.74 × 106 indels
from whole-genome resequencing data of 234 pigs,
including eastern and western pigs. Genetic differentiation between the Luchuan and Duroc pigs provides
a useful resource to understand the genetic basis that
underlies phenotypic differentiation in pigs. By generating and exploiting multi-tissue gene expression and chromatin accessibility data, we highlighted the importance
of non-coding variants in shaping phenotypic differences in pigs and proposed candidate genes and regulatory sequences that might have been subject to selection.
Extending our strategy to other livestock species with a
lower inter-subspecies genetic differentiation than pigs
might weaken its strength. However, this strategy is still
more effective than using only resequencing data for fine
mapping putative regulatory variants and causal genes. In
our study, combining multi-omics information with data
on population-specific variants led us to provide an effective interpretation of the genetic and phenotype variations in pigs and other livestock. It also opened a novel
perspective to dissect the molecular mechanisms that
underlie economic traits in livestock.
The current pig reference genome (Sscrofa11.1) was
derived from a western Duroc pig [105]. Compared
with western pigs, eastern pigs have different genetic
backgrounds and thus require their own reference
genomes for an improved characterization of their
genetic variation. However, the quality of the current
genome assemblies for Chinese indigenous pigs is not
comparable to that for Duroc pigs [20, 51, 68]. Recently,
the rapid progress in long-read sequencing, Hi-C, and
assembly methods has enabled the generation of phased
genome assemblies with chromosome-level quality
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[106–108]. Building on these technological breakthroughs, we present the first phased chromosomescale genome assembly of pigs. Our genome assembly
yielded a 2.58 Gb primary assembly with a contig N50
of 18.03 Mb, and its quality was comparable to that of
the current reference genome [105] and even superior to that of a recently published chromosome-level
genome of Chinese indigenous Bama pigs [68].
As techniques for genome assembly and wholegenome resequencing become increasingly accessible,
identification of highly differential genomic regions has
become routine as the initial step in understanding the
genetic basis of domestication. However, these regions
usually contain multiple DNA variants, most of which
are hitchhikers without biological effects. In addition,
only a few functional coding variants might explain
the signals of potential selection [12–16]. These challenges have rendered the fine mapping of the underlying causal variants and genes extremely difficult.
Recently, a few studies have addressed these challenges
by using annotated putative cis-regulatory sequences,
with the rationale that positive selection might act on
non-coding sequences that regulate the expression
of key genes. However, these studies used either conserved non-coding regulatory DNA elements that lack
tissue-level resolution [16, 109] or epigenomic markers
associated with regulatory activity in one or two tissues
[14]. In the current study, we profiled the gene expression and chromatin accessibility landscape across multiple pig tissues. By harnessing this abundant set of
functional annotations, our approach demonstrated
unprecedented power in elucidating the genetic basis
of pig domestication and breeding. To the best of our
knowledge, this study is the first to use multi-tissue
functional genome annotations to explore the contribution of non-coding variants to phenotypic variation
in livestock. Furthermore, due to the conservation of
important biological processes between mammals,
cis-regulatory elements in pigs might shed light on the
genetic basis of human traits. For instance, 91.0% of the
differential open chromatin regions between Luchuan
and Duroc pigs had conserved sequences in the human
genome, of which 61.6% were functionally conserved.
These functionally conserved human sequences were
significantly enriched in muscle-related biological processes, including "regulation of skeletal muscle adaptation" and "regulation of glycolytic process". In addition,
70.7% of these functionally conserved homologous
sequences overlapped with human GWAS signals
(50 kb genomic regions centered at GWAS tag SNPs to
account for LD). Some of these overlapped with traits
relevant to muscle, including "Obesity-related traits",
"Body mass index", and "Body fat percentage".

Liu et al. Genetics Selection Evolution

(2022) 54:62

In Luchuan pigs, we found a set of promoter variants
that increased activity of the LYZ promoter and that were
associated with increased LYZ expression. The LYZ gene
encodes the lysozyme that is present in the small intestine of pigs. In piglets, dietary supplements of lysozyme
improve development and function of the intestine, suppress inflammatory responses, and enrich beneficial bacterial composition [83, 110–112]. Adaptive evolution of
lysozymes has facilitated the digestion of plant-based
materials in ruminants and Colobinae monkeys [113,
114]. Before the advent of the modern breeding industry
in China, pigs were often provided with unhygienic environments and plant-enriched roughage feeding. Therefore, selecting for high LYZ expression in the Luchuan
and many other eastern indigenous pigs might have
helped them adapt to poor living conditions. Comparison of different eastern breeds with different Luchuan
LYZ allele frequencies would further strengthen our
conclusion. However, publicly available data on the performance of disease resistance and roughage tolerance
in different eastern breeds are insufficient. Furthermore,
different eastern breeds are raised in different geographic
locations with different forage sources, and standardized protocols to measure the relevant phenotypes are
still lacking. These factors severely affect the comparison between different eastern breeds. Enrichment of
variants under potential selection in the skeletal muscle
was observed in the promoter regions and in distal cisregulatory elements predicted by promoter-excluded
ATAC-seq peaks. This enrichment pattern suggests that
modulating cis-regulatory activity may confer tissue
specificity during trait selection. We proposed a model
in which a non-coding SNP allele that drives the differential enhancer activity of TNNC1 might have been differentially selected during breed development in eastern
and western pigs. Selection in Luchuan pigs might have
been further enhanced by up-regulating the expression
of CEBPA, an upstream regulator of TNNC1. A high proportion of slow fibers is associated with red color, high
water-holding capacity, tenderness, and marbling (high
intramuscular fat) [99–101]. This stands in contrast to
the selection for lean muscle and high growth rates in
western commercial pigs, resulting in selection for a
higher proportion of fast than slow fibers [115, 116].
Apart from protein-coding genes, we also identified a set of lncRNAs under selection that exhibit
differential expression, splicing, or chromatin accessibility in Luchuan and Duroc pigs (see Additional
file 2: Table S31). For example, the level of expression of XLOC_000472, which is a lncRNA showing
increased expression and chromatin accessibility in the
liver of Luchuan pigs, was positively correlated with
that of its neighbor, the hepatic lipase gene (R = 0.49).

Page 17 of 22

XLOC_000472 was also differentially spliced between
Duroc and Luchuan pigs in the liver (see Additional
file 2: Table S31). The highly differential non-coding
SNPs of XLOC_000472 might be causal cis-regulatory
variants that affect expression or splicing. These results
provide experimental evidence supporting the role of
cis-regulatory variations in driving phenotypic differentiation during pig domestication and improvement.
We found several differentially spliced genes with differential SNPs within 2 bp of the corresponding splicing junctions (see Additional file 2: Table S32). This
finding is consistent with previous studies suggesting
the limited role of isoform alteration in the domestication of livestock animals [4].
In our previous study, we found that chromatin accessibility and naked-sequence-dependent reporter-driving activity co-determine the endogenous activity of a
potential enhancer [117]. Thus, the eight regions with
consensus ATAC-seq and luciferase differences indicated that the relevant variants have the expected differential endogenous regulatory activity (see Additional
file 2: Table S5). Interpretation of the two remaining
peaks is challenging. The decoupling of chromatin
accessibility and naked-sequence-dependent enhancer
activity might result from the fact that the cellular
context of the luciferase reporter system still differs to
some extent from that of the pig, which is a major limitation of most functional genomics validation studies.
In addition to chromatin accessibility and gene
expression, our analysis framework readily extends
to the adoption of more functional annotations. For
example, although we only explored pig adult tissues,
domestication might target biological processes that
occur earlier during embryonic development. Thus,
generating comprehensive profiles of regulatory signals
across multiple developmental stages and tissues would
be valuable to further dissect the molecular mechanisms that underlie phenotypic differentiation during
domestication. Moreover, by identifying 3D chromosome interactions on a genome-wide scale, Hi-C data
would allow for the efficient and accurate assignment of
distal signatures of selection to target genes. To compare molecular differences between breeds, we used
tissues that are composed of a mixture of different cell
subtypes. This type of bulk analysis might have missed
differences that are only present in some subtypes, particularly when the proportion of these subtypes is low.
Future studies using single-cell technologies to profile
the transcriptome and cis-regulatory landscape would
allow the exploration of breed differences at a much
finer scale, uncovering DNA variants that affect phenotypes through rare but pivotal cell subpopulations.
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Conclusions
In this work, we assembled a high-quality genome
of the Chinese indigenous Luchuan pig and identified 26.64 × 106 SNPs and 3.74 × 106 indels from
whole-genome resequencing data of 234 pigs, including eastern and western pigs. The genetic differentiation between Luchuan and Duroc pigs provides
useful resources for understanding the genetic basis
that underlies phenotypic differentiation in pigs. By
generating and exploiting multi-tissue gene expression and chromatin accessibility data, our work highlights the importance of non-coding variants in shaping
phenotypic differences in pigs and proposes candidate
genes and regulatory sequences that might have been
subject to selection. By integrating non-coding functional genomic annotations, our work provides a novel
perspective to dissect the molecular mechanisms that
underlie economic traits in livestock.
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Additional file 3: Figure S1. Overview of Luchuan genome assembly. (a)
The flowchart of the contig, scaffold, and chromosome assembly in this
study; and (b) Hi-C contact heatmap. Genome-wide analysis of chromatin
interactions in Luchuan genome. The numbering of a chromosome
is based on the chromosome length from the longest to the shortest.
Figure S2. Circos plot shows the genome characterization of the Luchuan
and Duroc pigs. (I) Syntenic alignments between the Luchuan and Duroc
genome based on one-to-one orthologous genes; (II) GC content in nonoverlapping 1 Mb windows; (III) Percent coverage of TEs in non-overlapping 1 Mb windows; (IV) Gene density calculated on the basis of the
number of genes in non-overlapping 1 Mb windows; and (V) The length
of pseudo-chromosome, light red, and light purple ideograms represent
the chromosomes of Luchuan and Duroc pigs, respectively. Each ticket
above the ideograms is on a scale of 50 Mb. Figure S3. Comparative
genomic and phylogenetic analyses. (a) Venn diagram showing shared
orthologous groups among genomes of Luchuan, Duroc, goat, and
human; and (b) Phylogenetic tree with divergence times and history of
orthologous gene families. Numbers on the nodes represent divergence
times, with the error range shown in parentheses. The numbers of gene
families that expanded (red) or contracted (blue) in each lineage after
speciation are shown on the corresponding branch. MRCA is the most
recent common ancestor. Figure S4. PCA plots. (a) PCA of the first three
principal components. BAMEI, Bamei; BER, Berkshire; BMX, Bamaxiang;
CWB, Chinese wild boar; DUR, Duroc; EHL, Erhualian; GST, Tibetan (Gansu);
HAM, Hampshire; HTDE, Hetao; JH, Jinhua; KBP, Korean black pig; KWB,
Korean wild boar; LD, Landrace; LUC, Luchuan; LW, Large White; LWH,
Laiwu; MEI, Meishan; MIN, Min; PTL, Pietrain; RC, Rongchang; SCT, Tibetan
(Sichuan); TC, Tongcheng; TT, Tibetan (Tibet); WZS, Wuzhishan; YM,
Yucatan Miniature; YNT, Tibetan (Yunnan); and (b) PCA plots of the first
two principal components by classifying them into seven groups: Chinese
wild boar (CWB), Korean wild boar (BWB), Luchuan pig (LUC), Duroc (DUR),
Korean black pig (KBP), other eastern pigs (EST) and western pigs (WST).
Figure S5. (a) LD decay determined by squared correlations ( r2) of allele
frequencies against the distance between polymorphic sites in eastern
(EST; orange) and western (WST; green) pig groups. (b) LD decay in DUR
(Duroc; red) and LUC (Luchuan; blue) pig groups. Figure S6. Enrichment
pattern of genes under potential selection in GWAS regions associated
with some economic traits. Red represents genes located in selective
regions of eastern pigs while blue represents those of western pigs. *
represents FDR < 0.05. ** represents FDR < 0.01. Figure S7. GO enrichment
of differentially expressed genes between Luchuan and Duroc pigs in
10 tissues. GO biological process analysis of the differentially expressed
mRNAs between Luchuan and Duroc pigs in each tissue. Up indicates the
genes with expression levels that are higher in Luchuan pigs compared
to Duroc pigs. Down indicates the genes with expression levels that are
lower in Luchuan pigs compared to Duroc pigs. Figure S8. Analysis of
DEG in skeletal muscle tissues. (a) The number of DEG in different tissues.
Duroc: the expression level is higher in Duroc pigs compared to Luchuan
pigs. Luchuan: the expression level is higher in Luchuan pigs compared
to Duroc pigs; (b) Heatmap showing the expression of DEG related to
“muscle contraction” in skeletal muscle tissues; and (c) Heatmap showing
the expression of DEG related to “cell cycle” in skeletal muscle tissues.
Figure S9. Frequencies of the Luchuan promoter allele across different
pig breeds. DUR: Duroc pig; LW: Large White pig; LD: Landrace pig; YM:
Yucatan miniature pig; YNT: Tibetan pig (Yunnan); TC: Tongcheng pig;
TT: Tibetan pig (Qinghai-Tibetan); HTDE: Hetaodaer pig; SCT: Tibetan
pig (Sichuan); WZS: Wuzhishan pig; BMX: Bamaxiang pig; EHL: Erhualian
pig; LUC: Luchuan pig; LWH: Laiwu black pig; MIN: Min pig (Shandong).
Figure S10. QC of ATAC-seq peaks. Heatmap of reads density around TSS
for five tissues. Figure S11. Muscle fiber differences between Duroc and
Luchuan pigs. Proportions of slow muscle fiber. Figure S12. Knockdown
and overexpression efficiency of Tnnc1 in C2C12 cells and in vivo. (a) Tnnc1
expression after siRNA knockdown in C2C12 cells; (b) Tnnc1 expression
after overexpression in C2C12 cells; and (c) Tnnc1 expression after in vivo
siRNA knockdown in mouse skeletal muscle. Figure S13. (a) Expression
of Ho-1 after overexpression of Tnnc1; (b) Expression of Ho-1 after siRNA
knockdown of Tnnc1; (c) Expression of Ogg1 after overexpression of Tnnc1;
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and (d) Expression of Ogg1 after siRNA knockdown of Tnnc1. Figure S14.
(a) Expression of slow muscle (Myh7) and fast muscle (Myh2, Myh4, Myh1)
markers after siRNA knockdown of Sema3g in C2C12 cells; (b) Measuring
the same markers as (a) after overexpression of Sema3g in C2C12 cells;
(c) Choosing siRNAs with the best knockdown efficiency; (d) Evaluation of the overexpression efficiency; and (e) Comparing the expression
level of Sema3g before and after knocking down Cebpa. * represents
p-value < 0.05. ** represents p-value < 0.01.
Acknowledgements
We thank Dr. Sanwen Huang, Dr. Jiang Liu, Dr. Wen Wang, and Dr. Bin He for
the discussion, critical reading, and revision of the manuscript. We appreciate
the help from 10k Genomics for technical consultation of ATAC-seq.
Author contributions
TZ and LY designed and supervised the project. YiY, XB, WL, ZY, FX, TY, ZS, CY,
WB, HJ, and PB performed the experiments. FY, YaY, YG, CM, NY, LL, YP, ZM,
LQ, LI, and SS performed bioinformatics analyses. All authors participated in
analyzing and interpreting the data. LY, TZ, FY, YaY, LJ, YG, HX, and LK wrote
the manuscript with input from all authors. All authors read and approved the
final manuscript.
Funding
This work was supported by the National Natural Science Foundation of China
(31830090 to T.Z., 31902124 to L.Y.), the Basic and Applied Basic Research
Foundation of Guangdong province (2019B1515120059 to T.Z.), the Key R&D
Programs of Guangdong Province (2018B020203003 to T.Z.), the Shenzhen
Science and Technology Innovation Commission (JCYJ20190814163803664 to
L.Y.), and the Agricultural Science and Technology Innovation Program (CAASZDRW202006 to T.Z.).
Availability of data and materials
The Luchuan pig genome assembly and the multi-omics sequencing data
are available from the China National GenBank Nucleotide Sequence Archive
(CNSA) under accession number CNP0001159 (https://db.cngb.org/search/
project/CNP0001159/), and the NCBI database under the accession number
PRJNA740359 (https://dataview.ncbi.nlm.nih.gov/object/PRJNA740359?revie
wer=m9i6n6f4skv0mvq9vb1qibfc4m).

Declarations
Ethics approval and consent to participate
All animal procedures were performed according to the protocols of the
Chinese Academy of Agricultural Sciences and the Institutional Animal Care
and Use Committee.
Consent for publication
Not applicable.
Competing interests
The authors declare that they have no competing interests.
Author details
1
Shenzhen Branch, Guangdong Laboratory for Lingnan Modern Agriculture,
Key Laboratory of Livestock and Poultry Multi‑Omics of MARA, Agricultural
Genomics Institute at Shenzhen, Chinese Academy of Agricultural Sciences,
518124 Shenzhen, China. 2 Kunpeng Institute of Modern Agriculture at Foshan,
Chinese Academy of Agricultural Sciences, Foshan 528226, China. 3 Innovation Group of Pig Genome Design and Breeding, Research Centre for Animal
Genome, Agricultural Genomics Institute at Shenzhen, Chinese Academy
of Agricultural Sciences, Shenzhen 518124, China. 4 Biozeron Shenzhen, Inc.,
Shenzhen 518081, China. 5 Guangxi Key Laboratory of Livestock Genetic
Improvement, Guangxi Institute of Animal Science, Nanning 530001, China.
6
Phase Genomics, Inc., Seattle, USA. 7 Kobilka Institute of Innovative Drug Discovery, School of Life and Health Sciences, Chinese University of Hong Kong,
Shenzhen 518172, Guangdong, China. 8 School of Public Health (Shenzhen),
Sun Yat-Sen University, Shenzhen, China. 9 Department of Human Genetics, The University of Chicago, Chicago, IL 60637, USA. 10 Institute of Animal

Page 19 of 22

Sciences, Chinese Academy of Agricultural Sciences, Beijing 100193, China.
Research Centre of Animal Nutritional Genomics, State Key Laboratory
of Animal Nutrition, Institute of Animal Sciences, Chinese Academy of Agricultural Sciences, Shenzhen 518124, China. 12 Resource Development of Bama
Xiang Pig, Guangxi Engineering Research Center, Bama 547500, Guangxi,
China.
11

Received: 12 January 2022 Accepted: 2 September 2022

References
1. Andersson L. Domestic animals as models for biomedical research. Ups
J Med Sci. 2016;121:1–11.
2. Wang MS, Thakur M, Peng MS, Jiang Y, Frantz LAF, Li M, et al. 863
genomes reveal the origin and domestication of chicken. Cell Res.
2020;30:693–701.
3. Schubert M, Jónsson H, Chang D, Der Sarkissian C, Ermini L, Ginolhac
A, et al. Prehistoric genomes reveal the genetic foundation and cost of
horse domestication. Proc Natl Acad Sci USA. 2014;111:E5661–9.
4. Rubin CJ, Zody MC, Eriksson J, Meadows JRS, Sherwood E, Webster MT,
et al. Whole-genome resequencing reveals loci under selection during
chicken domestication. Nature. 2010;464:587–91.
5. Rubin CJ, Megens HJ, Barrio AM, Maqbool K, Sayyab S, Schwochow D,
et al. Strong signatures of selection in the domestic pig genome. Proc
Natl Acad Sci USA. 2012;109:19529–36.
6. Ramey HR, Decker JE, McKay SD, Rolf MM, Schnabel RD, Taylor JF. Detection of selective sweeps in cattle using genome-wide SNP data. BMC
Genomics. 2013;14:382.
7. Qiu Q, Wang L, Wang K, Yang Y, Ma T, Wang Z, et al. Yak whole-genome
resequencing reveals domestication signatures and prehistoric population expansions. Nat Commun. 2015;6:10283.
8. Luo X, Zhou Y, Zhang B, Zhang Y, Wang X, Feng T, et al. Understanding
divergent domestication traits from the whole-genome sequencing of
swamp and river-buffalo populations. Natl Sci Rev. 2020;7:686–701.
9. Kijas JW, Lenstra JA, Hayes B, Boitard S, Porto-Neto LR, San Cristobal
M, et al. Genome-wide analysis of the world’s sheep breeds reveals
high levels of historic mixture and strong recent selection. PLoS Biol.
2012;10:e1001258.
10. Elferink MG, Megens HJ, Vereijken A, Hu X, Crooijmans RPMA, Groenen
MAM. Signatures of selection in the genomes of commercial and noncommercial chicken breeds. PLoS ONE. 2012;7: e32720.
11. Carneiro M, Rubin CJ, Di Palma F, Albert FW, Alföldi J, Barrio AM, et al.
Rabbit genome analysis reveals a polygenic basis for phenotypic
change during domestication. Science. 2014;345:1074–9.
12. Shapiro MD, Marks ME, Peichel CL, Blackman BK, Nereng KS, Jónsson B,
et al. Genetic and developmental basis of evolutionary pelvic reduction
in threespine sticklebacks. Nature. 2004;428:717–23.
13. Kvon EZ, Kamneva OK, Melo US, Barozzi I, Osterwalder M, Mannion
BJ, et al. Progressive loss of function in a limb enhancer during snake
evolution. Cell. 2016;167:633-642.e11.
14. Naval-Sanchez M, Nguyen Q, McWilliam S, Porto-Neto LR, Tellam R,
Vuocolo T, et al. Sheep genome functional annotation reveals proximal
regulatory elements contributed to the evolution of modern breeds.
Nat Commun. 2018;9:859.
15. Berger MJ, Wenger AM, Guturu H, Bejerano G. Independent erosion of
conserved transcription factor binding sites points to shared hindlimb,
vision and external testes loss in different mammals. Nucleic Acids Res.
2018;46:9299–308.
16. Feigin CY, Newton AH, Pask AJ. Widespread cis-regulatory convergence
between the extinct Tasmanian tiger and gray Wolf. Genome Res.
2019;29:1648–58.
17. Stern DL. Evolution, development & the predictable genome. Austin:
Roberts and Company Publishers; 2011.
18. Giuffra E, Tuggle CK, FAANG Consortium. Functional Annotation of
Animal Genomes (FAANG): current achievements and roadmap. Annu
Rev Anim Biosci. 2019;7:65–88.
19. Tang Z, Li Y, Wan P, Li X, Zhao S, Liu B, et al. LongSAGE analysis of skeletal
muscle at three prenatal stages in Tongcheng and Landrace pigs.
Genome Biol. 2007;8:R115.

Liu et al. Genetics Selection Evolution

(2022) 54:62

20. Li M, Chen L, Tian S, Lin Y, Tang Q, Zhou X, et al. Comprehensive variation discovery and recovery of missing sequence in the pig genome
using multiple de novo assemblies. Genome Res. 2017;27:865–74.
21. Ai H, Fang X, Yang B, Huang Z, Chen H, Mao L, et al. Adaptation and
possible ancient interspecies introgression in pigs identified by wholegenome sequencing. Nat Genet. 2015;47:217–25.
22. Gordon D, Huddleston J, Chaisson MJP, Hill CM, Kronenberg ZN,
Munson KM, et al. Long-read sequence assembly of the gorilla genome.
Science. 2016;352:aae0344.
23. Chaisson MJP, Wilson RK, Eichler EE. Genetic variation and the de novo
assembly of human genomes. Nat Rev Genet. 2015;16:627–40.
24. Bickhart DM, Rosen BD, Koren S, Sayre BL, Hastie AR, Chan S, et al.
Single-molecule sequencing and chromatin conformation capture
enable de novo reference assembly of the domestic goat genome. Nat
Genet. 2017;49:643–50.
25. Phase Genomics. https://phasegenomics.com/. Accessed 20 May 2020.
26. Durand NC, Robinson JT, Shamim MS, Machol I, Mesirov JP, Lander ES,
et al. Juicebox provides a visualization system for Hi-C contact maps
with unlimited zoom. Cell Syst. 2016;3:99–101.
27. Walker BJ, Abeel T, Shea T, Priest M, Abouelliel A, Sakthikumar S, et al.
Pilon: an integrated tool for comprehensive microbial variant detection
and genome assembly improvement. PLoS One. 2014;9:e112963.
28. Chromosomer. https://github.com/gtamazian/Chromosomer. Accessed
21 May 2020.
29. Simão FA, Waterhouse RM, Ioannidis P, Kriventseva EV, Zdobnov EM.
BUSCO: assessing genome assembly and annotation completeness
with single-copy orthologs. Bioinformatics. 2015;31:3210–2.
30. BUSCO. http://busco.ezlab.org/. Accessed 22 May 2020.
31. scanPAV. https://github.com/wtsi-hpag/scanPAV. Accessed 20 May
2020.
32. Giordano F, Stammnitz MR, Murchison EP, Ning Z. scanPAV: a pipeline
for extracting presence–absence variations in genome pairs. Bioinformatics. 2018;34:3022–4.
33. RepeatMasker. http://www.repeatmasker.org/. Accessed 22 May 2020.
34. Yang Y, Zhou R, Zhu S, Li X, Li H, Yu H, et al. Systematic identification
and molecular characteristics of long noncoding RNAs in pig tissues.
Biomed Res Int. 2017;2017:6152582.
35. Liang G, Yang Y, Niu G, Tang Z, Li K. Genome-wide profiling of Sus scrofa
circular RNAs across nine organs and three developmental stages. DNA
Res. 2017;24:523–35.
36. Li H, Coghlan A, Ruan J, Coin LJ, Hériché JK, Osmotherly L, et al.
TreeFam: a curated database of phylogenetic trees of animal gene
families. Nucleic Acids Res. 2006;34:D572–80.
37. Guindon S, Dufayard JF, Lefort V, Anisimova M, Hordijk W, Gascuel
O. New algorithms and methods to estimate maximum-likelihood
phylogenies: assessing the performance of PhyML 3.0. Syst Biol.
2010;59:307–21.
38. TimeTree database. http://www.timetree.org/. Accessed 20 May 2020.
39. De Bie T, Cristianini N, Demuth JP, Hahn MW. CAFE: a computational tool for the study of gene family evolution. Bioinformatics.
2006;22:1269–71.
40. Kim J, Cho S, Caetano-Anolles K, Kim H, Ryu YC. Genome-wide detection and characterization of positive selection in korean native black
pig from jeju Island. BMC Genet. 2015;16:3.
41. Kim H, Song KD, Kim HJ, Park WC, Kim J, Lee T, et al. Exploring the
genetic signature of body size in Yucatan miniature pig. PLoS One.
2015;10:e0121732.
42. Li H. Aligning sequence reads, clone sequences and assembly contigs
with BWA-MEM. arXiv Prepr arXiv13033997. 2013;
43. Sscrofa11.1.94. http://ftp.ensembl.org/pub/release-94/gtf/sus_scrofa/.
Accessed 20 Oct 2019.
44. Wang K, Li M, Hakonarson H. ANNOVAR: Functional annotation of
genetic variants from high-throughput sequencing data. Nucleic Acids
Res. 2010;38: e164.
45. TreeBeST. http://treesoft.sourceforge.net/treebest.shtml. Accessed 10
May 2020.
46. Kumar S, Stecher G, Tamura K. MEGA7: Molecular evolutionary genetics
analysis Version 7.0 for bigger datasets. Mol Biol Evol. 2016;33:1870–4.
47. Alexander DH, Novembre J, Lange K. Fast model-based estimation of
ancestry in unrelated individuals. Genome Res. 2009;19:1655–64.

Page 20 of 22

48. Yang J, Lee SH, Goddard ME, Visscher PM. GCTA: a tool for genomewide complex trait analysis. Am J Hum Genet. 2011;88:76–82.
49. Barrett JC, Fry B, Maller J, Daly MJ. Haploview: analysis and visualization
of LD and haplotype maps. Bioinformatics. 2005;21:263–5.
50. Danecek P, Auton A, Abecasis G, Albers CA, Banks E, DePristo MA, et al.
The variant call format and VCFtools. Bioinformatics. 2011;27:2156–8.
51. Li M, Tian S, Jin L, Zhou G, Li Y, Zhang Y, et al. Genomic analyses identify
distinct patterns of selection in domesticated pigs and Tibetan wild
boars. Nat Genet. 2013;45:1431–8.
52. RectChr. https://github.com/BGI-shenzhen/RectChr. Accessed 20 Jun
2020.
53. Young MD, Wakefield MJ, Smyth GK, Oshlack A. Gene ontology analysis
for RNA-seq: accounting for selection bias. Genome Biol. 2010;11:R14.
54. pigQTLdb. https://www.animalgenome.org/cgi-bin/QTLdb/SS/index.
Accessed 15 May 2021.
55. Hu ZL, Park CA, Reecy JM. Building a livestock genetic and genomic
information knowledgebase through integrative developments of
animal QTLdb and CorrDB. Nucleic Acids Res. 2019;47:D701–10.
56. Horodyska J, Hamill RM, Varley PF, Reyer H, Wimmers K. Genome-wide
association analysis and functional annotation of positional candidate
genes for feed conversion efficiency and growth rate in pigs. PLoS One.
2017;12:e0173482.
57. Tang Z, Xu J, Yin L, Yin D, Zhu M, Yu M, et al. Genome-wide association
study reveals candidate genes for growth relevant traits in pigs. Front
Genet. 2019;10:302.
58. Jiang B, Wang M, Tang Z, Du X, Feng S, Ma G, et al. Genome-wide
association study of bone mineral density trait among three pig breeds.
Animal. 2020;14:2443–51.
59. Buenrostro JD, Giresi PG, Zaba LC, Chang HY, Greenleaf WJ. Transposition of native chromatin for fast and sensitive epigenomic profiling of
open chromatin, DNA-binding proteins and nucleosome position. Nat
Methods. 2013;10:1213–8.
60. Schafer ST, Paquola ACM, Stern S, Gosselin D, Ku M, Pena M, et al. Pathological priming causes developmental gene network heterochronicity
in autistic subject-derived neurons. Nat Neurosci. 2019;22:243–55.
61. Liu C, Wang M, Wei X, Wu L, Xu J, Dai X, et al. An ATAC-seq atlas of chromatin accessibility in mouse tissues. Sci Data. 2019;6:65.
62. Grant CE, Bailey TL, Noble WS. FIMO: Scanning for occurrences of a
given motif. Bioinformatics. 2011;27:1017–8.
63. LiftOver. http://genome.ucsc.edu/cgi-bin/hgLiftOver. Accessed 11 Aug
2021.
64. McLean CY, Bristor D, Hiller M, Clarke SL, Schaar BT, Lowe CB, et al.
GREAT improves functional interpretation of cis-regulatory regions. Nat
Biotechnol. 2010;28:495–501.
65. GREAT. http://great.stanford.edu/. Accessed 20 May 2020.
66. Zechner C, Lai L, Zechner JF, Geng T, Yan Z, Rumsey JW, et al. Total
skeletal muscle PGC-1 deficiency uncouples mitochondrial derangements from fiber type determination and insulin sensitivity. Cell Metab.
2010;12:633–42.
67. Zhao Y, Hou Y, Xu Y, Luan Y, Zhou H, Qi X, et al. A compendium and
comparative epigenomics analysis of cis-regulatory elements in the pig
genome. Nat Commun. 2021;12:2217.
68. Zhang L, Huang Y, Wang M, Guo Y, Liang J, Yang X, et al. Development
and genome sequencing of a laboratory-inbred miniature pig facilitates study of human diabetic disease. iScience. 2019;19:162–76.
69. Fang X, Mou Y, Huang Z, Li Y, Han L, Zhang Y, et al. The sequence and
analysis of a Chinese pig genome. Gigascience. 2012;1:16.
70. Groenen MAM, Archibald AL, Uenishi H, Tuggle CK, Takeuchi Y, Rothschild MF, et al. Analyses of pig genomes provide insight into porcine
demography and evolution. Nature. 2012;491:393–8.
71. Ponsuksili S, Reyer H, Trakooljul N, Murani E, Wimmers K. Single- and
Bayesian multi-marker genome-wide association for haematological
parameters in pigs. PLoS One. 2016;11:e0159212.
72. Reiner G, Fischer R, Hepp S, Berge T, Köhler F, Willems H. Quantitative trait loci for white blood cell numbers in swine. Anim Genet.
2008;39:163–8.
73. Armstrong CM, Billimek AR, Allred KF, Sturino JM, Weeks BR, Allred CD.
A novel shift in estrogen receptor expression occurs as estradiol suppresses inflammation-associated colon tumor formation. Endocr Relat
Cancer. 2013;20:515–25.

Liu et al. Genetics Selection Evolution

(2022) 54:62

74. Malek M, Dekkers JCM, Lee HK, Baas TJ, Rothschild MF. A molecular
genome scan analysis to identify chromosomal regions influencing
economic traits in the pig. I. Growth and body composition. Mamm
Genome. 2001;12:630–6.
75. Fontanesi L, Schiavo G, Galimberti G, Calò DG, Russo V. A genomewide
association study for average daily gain in Italian large white pigs. J
Anim Sci. 2014;92:1385–94.
76. Bhagwandin C, Ashbeck EL, Whalen M, Bandola-Simon J, Roche PA,
Szajman A, et al. The E3 ubiquitin ligase MARCH1 regulates glucosetolerance and lipid storage in a sex-specific manner. PLoS One.
2018;13:e0204898.
77. Luk CT, Shi SY, Schroer SA, Woo M. Disruption of adipocyte caspase
8 protects mice from weight gain and glucose intolerance. Can J Diabetes. 2013;37:S65–6.
78. Wimmers K, Fiedler I, Hardge T, Murani E, Schellander K, Ponsuksili S.
QTL for microstructural and biophysical muscle properties and body
composition in pigs. BMC Genet. 2006;7:15.
79. Choi I, Steibel JP, Bates RO, Raney NE, Rumph JM, Ernst CW. Identification of carcass and meat quality QTL in an F2 Duroc × Pietrain pig
resource population using different least-squares analysis models. Front
Genet. 2011;2:18.
80. Kim CW, Hong YH, Yun SI, Lee SR, Kim YH, Kim MS, et al. Use of microsatellite markers to detect quantitative trait loci in Yorkshire pigs. J Reprod
Dev. 2006;52:229–37.
81. Horogh G, Zsolnai A, Komlósi I, Nyíri A, Anton I, Fésüs L. Oestrogen
receptor genotypes and litter size in Hungarian Large White pigs. J
Anim Breed Genet. 2005;122:56–61.
82. Bel S, Pendse M, Wang Y, Li Y, Ruhn KA, Hassell B, et al. Paneth cells
secrete lysozyme via secretory autophagy during bacterial infection of
the intestine. Science. 2017;357:1047–52.
83. Oliver WT, Wells JE, Maxwell CV. Lysozyme as an alternative to antibiotics improves performance in nursery pigs during an indirect immune
challenge. J Anim Sci. 2014;92:4927–34.
84. Sahoo NR, Kumar P, Bhusan B, Bhattacharya TK, Dayal S, Sahoo M, et al.
Lysozyme in livestock: a guide to selection for disease resistance: a
review. J Anim Sci Adv. 2012;2:347–60.
85. Mackie RI. Mutualistic fermentative digestion in the gastrointestinal
tract: diversity and evolution. Integr Comp Biol. 2002;42:319–26.
86. Rottman JN, Gordon JI. Comparison of the patterns of expression of rat
intestinal fatty acid binding protein/human growth hormone fusion
genes in cultured intestinal epithelial cell lines and in the gut epithelium of transgenic mice. J Biol Chem. 1993;268:11994–2002.
87. Zhu J, Bing C, Wilding JPH. Vitamin D receptor ligands attenuate the
inflammatory profile of IL-1β-stimulated human white preadipocytes
via modulating the NF-κB and unfolded protein response pathways.
Biochem Biophys Res Commun. 2018;503:1049–56.
88. Muñoz M, García-Casco JM, Caraballo C, Fernández-Barroso MÁ,
Sánchez-Esquiliche F, Gómez F, et al. Identification of candidate genes
and regulatory factors underlying intramuscular fat content through
Longissimus dorsi transcriptome aalyses in heavy Iberian pigs. Front
Genet. 2018;9:608.
89. da Silva FM, Jorge AA, Malaquias A, da Costa PA, Yamamoto GL, Kim
CA, et al. Nutritional aspects of Noonan syndrome and Noonan-related
disorders. Am J Med Genet A. 2016;170:1525–31.
90. Matthews DG, D’Angelo J, Drelich J, Welsh JE. Adipose-specific Vdr deletion alters body fat and enhances mammary epithelial density. J Steroid
Biochem Mol Biol. 2016;164:299–308.
91. Mei C, Junjvlieke Z, Raza SHA, Wang H, Cheng G, Zhao C, et al. Copy
number variation detection in Chinese indigenous cattle by whole
genome sequencing. Genomics. 2020;112:831–6.
92. Xu L, Bickhart DM, Cole JB, Schroeder SG, Song J, Van Tassell CP, et al.
Genomic signatures reveal new evidences for selection of important
traits in domestic cattle. Mol Biol Evol. 2015;32:711–25.
93. Fontanesi L, Schiavo G, Galimberti G, Calò DG, Scotti E, Martelli PL, et al.
A genome wide association study for backfat thickness in Italian Large
White pigs highlights new regions affecting fat deposition including
neuronal genes. BMC Genomics. 2012;13:583.
94. Fu Y, Xu J, Tang Z, Wang L, Yin D, Fan Y, et al. A gene prioritization
method based on a swine multi-omics knowledgebase and a deep
learning model. Commun Biol. 2020;3:502.

Page 21 of 22

95. Gahlmann R, Wade R, Gunning P, Kedes L. Differential expression of slow and fast skeletal muscle troponin C. Slow skeletal
muscle troponin C is expressed in human fibroblasts. J Mol Biol.
1988;201:379–91.
96. Gordon AM, Homsher E, Regnier M. Regulation of contraction in striated muscle. Physiol Rev. 2000;80:853–924.
97. Corin SJ, Juhasz O, Zhu L, Conley P, Kedes L, Wade R. Structure and
expression of the human slow twitch skeletal muscle troponin I gene.
J Biol Chem. 1994;269:10651–9.
98. Cho IC, Park HB, Ahn JS, Han SH, Lee JB, Lim HT, et al. A functional
regulatory variant of MYH3 influences muscle fiber-type composition
and intramuscular fat content in pigs. PLoS Genet. 2019;15:e1008279.
99. Raj S, Skiba G, Weremko D, Fandrejewski H, Migdał W, Borowiec F, et al.
The relationship between the chemical composition of the carcass and
the fatty acid composition of intramuscular fat and backfat of several
pig breeds slaughtered at different weights. Meat Sci. 2010;86:324–30.
100. Shen LY, Luo J, Lei HG, Jiang YZ, Bai L, Li MZ, et al. Effects of muscle fiber
type on glycolytic potential and meat quality traits in different tibetan
pig muscles and their association with glycolysis-related gene expression. Genet Mol Res. 2015;14:14366–78.
101. Shen L, Lei H, Zhang S, Li X, Li M, Jiang X, et al. The comparison of
energy metabolism and meat quality among three pig breeds. Anim
Sci J. 2014;85:770–9.
102. Ha J, Kwon S, Hwang JH, Park DH, Kim TW, Kang DG, et al. Squalene
epoxidase plays a critical role in determining pig meat quality by
regulating adipogenesis, myogenesis, and ROS scavengers. Sci Rep.
2017;7:16740.
103. Leite T, de Sousa C, de Souza P, de Souza F, Gonçalves V. Detection of
reactive oxygen species as a possible maker of quality of bovine meat. J
Food Sci Nutr. 2020;6:61.
104. Chen X, Zhang L, Li J, Gao F, Zhou G. Hydrogen peroxide-induced
change in meat quality of the breast muscle of broilers is mediated by
ROS generation, apoptosis, and autophagy in the NF-κB signal pathway.
J Agric Food Chem. 2017;65:3986–94.
105. Warr A, Affara N, Aken B, Beiki H, Bickhart DM, Billis K, et al. An improved
pig reference genome sequence to enable pig genetics and genomics
research. Gigascience. 2020;9:giaa051.
106. Zhou B, Ho SS, Greer SU, Zhu X, Bell JM, Arthur JG, et al. Comprehensive, integrated, and phased whole-genome analysis of the primary
ENCODE cell line K562. Genome Res. 2019;29:472–84.
107. Seo JS, Rhie A, Kim J, Lee S, Sohn MH, Kim CU, et al. De novo assembly
and phasing of a Korean human genome. Nature. 2016;538:243–7.
108. Chin CS, Peluso P, Sedlazeck FJ, Nattestad M, Concepcion GT, Clum A,
et al. Phased diploid genome assembly with single-molecule real-time
sequencing. Nat Methods. 2016;13:1050–4.
109. Roscito JG, Sameith K, Parra G, Langer BE, Petzold A, Moebius C, et al.
Phenotype loss is associated with widespread divergence of the gene
regulatory landscape in evolution. Nat Commun. 2018;9:4737.
110. Xiong X, Zhou J, Liu H, Tang Y, Tan B, Yin Y. Dietary lysozyme supplementation contributes to enhanced intestinal functions and gut microflora
of piglets. Food Funct. 2019;10:1696–706.
111. Long Y, Lin S, Zhu J, Pang X, Fang Z, Lin Y, et al. Effects of dietary
lysozyme levels on growth performance, intestinal morphology, nonspecific immunity and mRNA expression in weanling piglets. Anim Sci
J. 2016;87:411–8.
112. Huang G, Li X, Lu D, Liu S, Suo X, Li Q, et al. Lysozyme improves gut performance and protects against enterotoxigenic Escherichia coli infection
in neonatal piglets. Vet Res. 2018;49:20.
113. Stewart CB, Schilling JW, Wilson AC. Adaptive evolution in the stomach
lysozymes of foregut fermenters. Nature. 1987;330:401–4.
114. Messier W, Stewart CB. Episodic adaptive evolution of primate
lysozymes. Nature. 1997;385:151–4.
115. Weiler U, Appell H-J, Kremser M, Hofäcker S, Claus R. Consequences
of selection on muscle composition. A comparative study on gracilis
muscle in wild and domestic pigs. Anat Histol Embryol. 1995;24:77–80.
116. Ashmore CR, Doerr L. Comparative aspects of muscle fiber types in
different species. Exp Neurol. 1971;31:408–18.
117. Liu Y, Yu S, Dhiman VK, Brunetti T, Eckart H, White KP. Functional assessment of human enhancer activities using whole-genome STARRsequencing. Genome Biol. 2017;18:219.

Liu et al. Genetics Selection Evolution

(2022) 54:62

Page 22 of 22

118. Li H. A statistical framework for SNP calling, mutation discovery, association mapping and population genetical parameter estimation from
sequencing data. Bioinformatics. 2011;27:2987–93.
119. Kim D, Pertea G, Trapnell C, Pimentel H, Kelley R, Salzberg SL. TopHat2:
accurate alignment of transcriptomes in the presence of insertions,
deletions and gene fusions. Genome Biol. 2013;14:R36.
120. Anders S, Pyl PT, Huber W. HTSeq—a Python framework to work with
high-throughput sequencing data. Bioinformatics. 2015;31:166–9.
121. Tang Z, Wu Y, Yang Y, Yang Y-CT, Wang Z, Yuan J, et al. Comprehensive
analysis of long non-coding RNAs highlights their spatio-temporal
expression patterns and evolutional conservation in Sus scrofa. Sci Rep.
2017;7:43166.
122. Love MI, Huber W, Anders S. Moderated estimation of fold change and
dispersion for RNA-seq data with DESeq2. Genome Biol. 2014;15:550.
123. Dobin A, Davis CA, Schlesinger F, Drenkow J, Zaleski C, Jha S, et al. STAR:
ultrafast universal RNA-seq aligner. Bioinformatics. 2013;29:15–21.
124. Shen S, Park JW, Lu Z, Lin L, Henry MD, Wu YN, et al. rMATS: Robust and
flexible detection of differential alternative splicing from replicate RNASeq data. Proc Natl Acad Sci USA. 2014;111:E5593–601.
125. Picard Toolkit. http://broadinstitute.github.io/picard/. Accessed 1 Dec
2019.
126. Ramírez F, Ryan DP, Grüning B, Bhardwaj V, Kilpert F, Richter AS, et al.
deepTools2: a next generation web server for deep-sequencing data
analysis. Nucleic Acids Res. 2016;44:W160–5.
127. Boyle AP, Guinney J, Crawford GE, Furey TS. F-Seq: a feature density estimator for high-throughput sequence tags. Bioinformatics.
2008;24:2537–8.
128. Quinlan AR, Hall IM. BEDTools: a flexible suite of utilities for comparing
genomic features. Bioinformatics. 2010;26:841–2.
129. Li H, Durbin R. Fast and accurate long-read alignment with BurrowsWheeler transform. Bioinformatics. 2010;26:589–95.
130. Image J. NIH. http://rsb.info.nih.gov/ij. Accessed 2 Feb 2021.

Publisher’s Note

Springer Nature remains neutral with regard to jurisdictional claims in published maps and institutional affiliations.

Ready to submit your research ? Choose BMC and benefit from:

• fast, convenient online submission
• thorough peer review by experienced researchers in your field
• rapid publication on acceptance
• support for research data, including large and complex data types
• gold Open Access which fosters wider collaboration and increased citations
• maximum visibility for your research: over 100M website views per year
At BMC, research is always in progress.
Learn more biomedcentral.com/submissions

